partly aimed at inducing investors to churn their portfolios, then the relation between
forecast inaccuracy and boldness should be less (more) negative for analysts who face

higher (lower) degrees of brokerage conflict.

A

Our estimation of equation (3) indicates that b1 = -.13 and 1;22 -.31; both
coefficients are significantly different from zero. The test of the null hypothesis that b; =
b, has an associated p-value of less than .0001. In other words, bold forecast revisions do
tend to increase forecast accuracy, but this gain in accuracy is significantly greater for
analysts with lower brokerage conflicts. These results suggest that, although the investor
welfare story holds, churning is also an important motive for forecast revisions. We
obtain qualitatively similar results if we replace the boldness variable by the change in
boldness or if we replace the continuous measure of boldness in equation (3) with a
binary measure used in Clement and Tse (2005). Once again, we do not show these

results in a table to save space.

6. Sub-sample results

We next examine two interesting partitions of our sample. We present the results
for technology versus other sectors in section 6.1 and the results for the late 1990s versus
other time periods in section 6.2.
6.1 Technology versus other industry sectors

Numerous stories in the media suggest that conflicts of interest may have been
more pronounced in the technology sector than in other industry sectors during our
sample period. We examine this idea by replacing the IB variable in model (1) of Tables
3, 5 and 7 by two variables, IB*TECH and IB*NTECH, and replacing the COM variable
in Tables 3, 5, 7 and 8 by COM*TECH and COM*NTECH. The binary variable TECH
equals 1 if the first two digits of the I/B/E/S S/I/G code of a followed company are ‘08’
(i.e., the company belongs to the technology sector); otherwise, TECH equals zero.
NTECH is defined as 1 - TECH.

We find no significant relation between the accuracy or bias in an analyst’s
quarterly earnings forecasts and the importance to her employer of IB (or brokerage)
business either in the technology sector or in other industry sectors. The frequency of an

analyst’s forecast updates is positively related to the importance of brokerage business to
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her employer in each sector, with no significant difference in the coefficient estimates.
But the level of analysts’ long-term growth forecasts is positively related to the
importance of IB and brokerage business only for the technology sector; it is
insignificant for the remaining sectors as a group. This difference is statistically

significant. To save space, we do not tabulate these results.

6.2 Late 1990s versus other time periods

The late 1990s was a period of booming stock prices. Media accounts and the
timing of regulatory actions suggest that conflicts of interest were particularly severe
during this period. To examine this idea, we replace the IB variable in model (1) of
Tables 3, 5 and 7 by two variables: IB*LATE90S and IB*NLATE90S. Similarly, we
replace the COM variable in Tables 3, 5, 7 and 8 by COM*LATE90S and
COM*NLATEO90S. The variable LATE90S equals 1 for forecasts made for time periods
ending during 1995-99; it equals zero otherwise. NLATE90S equals 1 - LATE90S.

There is no significant relation between the accuracy or bias in an analyst’s
quarterly earnings forecasts and the importance to his employer of investment banking or
brokerage business for either the late 1990s or other time periods in our sample. The
level of LTG forecasts is unrelated to IB during both time periods. LTG is positively
related to COM during the late 1990s and is unrelated to it during other time periods, but
the difference is statistically insignificant. The probability of forecast revision is
positively related to COM during both time periods, but the coefficient of COM is
significantly lower during the late 1990s than during other periods. Once again, we do

not show these results in a table to save space.

7. Summary and conclusions

The landmark settlement that prominent Wall Street firms reached with regulators
in April 2003 mandates sweeping changes in the production and dissemination of sell-
side analyst research. Among its key provisions, the settlement requires securities firms
to create and maintain greater separation between equity research and investment
banking activities, and to provide brokerage customers with research reports produced

by independent research firms. The basic premise underlying such requirements is that
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independent analysts do in fact produce research that is superior to that of analysts who
face potential conflicts of interest from their employers’ other businesses.

In this paper, we empirically examine whether the quality of analysts’ forecasts of
earnings or earnings growth is related to the magnitude of potential conflicts of interest
arising from investment banking or brokerage. A unique dataset detailing securities
firms’ revenues from investment banking, brokerage, and other businesses allows us to
examine the effects of analyst conflicts on four aspects of forecasts: accuracy and bias in
quarterly earnings forecasts, optimism in long-term growth (LTG) forecasts, and the
frequency of quarterly forecast revisions.

Our investigation reveals that the bias and accuracy of quarterly EPS forecasts do
not appear to be systematically related to the importance of investment banking or
brokerage business to analysts’ employers. This result also holds for forecasts made for
companies within the technology sector as well as those made during the late-1990s stock
market boom, contexts in which conflicts of interest may have been particularly severe.
In addition, the absence of a link between analyst conflicts and quarterly forecast bias or
accuracy holds true for both publicly traded as well as private analyst employers, and it is
robust to several alternative measures of conflict severity.

We find, however, that the degree of relative optimism in analysts’ LTG forecasts
tends to increase with the share of their employers’ revenues derived from brokerage
commissions. We also find that the frequency of forecast revisions bears a significant
positive relationship with the share of revenues from brokerage business. We conduct
several tests to distinguish between alternative explanations of this finding on forecast
revision frequency. The results of these tests suggest that analysts’ trade generation
incentives can indeed impair the quality of stock research. It follows that distortions in
analyst research are unlikely to be completely eliminated by the April 2003 global
settlement, which focuses on investment banking conflicts. The precise nature of trade
generation incentives, how they impact analyst behavior, and how they might be
mitigated are all interesting avenues for future research.

Our findings also highlight a key difference in analysts’ short-term (quarterly
EPS) versus long-term (EPS growth) forecasting behavior. While analysts do not appear

to systematically respond to conflicts by biasing short-term forecasts, they do appear to
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succumb to conflicts when making long-term growth projections. What accounts for this
difference? One possibility is that short-term forecasts allow the labor market to assess an
analyst’s performance against an objective, well-defined benchmark. If an analyst allows
his short-term forecasts to be affected by the conflicts he faces, his deception can be
revealed with the very next earnings release, causing irreparable damage to his reputation
and livelihood. But with long-term forecasts, analysts may not face the same degree of
market scrutiny. Investors’ memories may be short, and analysts may be able to get away
with revising their initial flawed projections. A second possible explanation, suggested by
dividend growth models, is that equity valuations depend more on long-term growth rates
than on the next quarter’s earnings, and analysts use the most effective means available to

prop up a stock. We leave a complete resolution of this issue to future research.
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Table 1

Sample Characteristics
This table provides descriptive statistics on broker-dealers, analysts, and forecasts. The sample includes
I/B/E/S quarterly earnings and long-term earnings growth (LTG) forecasts made between January 1994
and June 2003 and corresponding annual financial information for broker-dealer firms. Panel A contains
statistics on revenue components for broker-dealer firms for fiscal years ending in 2002. A broker-dealer
is public if it is traded on the NYSE, Nasdaq, or AMEX. Panel B shows, over the sample period 1994-
2003, the distribution of the fraction of total revenues generated from investment banking or brokerage
businesses. N is the number of firm-years. Panel C reports characteristics of long-term growth (LTG)
forecasts and quarterly EPS forecasts over the entire sample period. Bias is computed as (actual EPS-
forecast EPS) divided by the stock price twelve months before quarter-end. Forecast error is
measured as the absolute value of forecast bias. Statistics for bias, accuracy and forecast age are based on
the latest forecast made by each analyst over the relevant period. Forecast age is the number of days
between the forecast date and the earnings release. In Panels B and C, forecasts and broker-years are
excluded when total revenues are negative or when fractions of revenue exceed one. In Panels B, C, and
D, analyst teams and analysts for which forecasting experience could not be determined are excluded. In
Panel C, the periods of one, three and six months refer to periods before quarter-end. Panel D reports
analysts’ experience and workload characteristics measured on an annual basis over the entire sample
period.

Panel A: Broker-Dealer Firm Characteristics, 2002

All Broker-Dealers Public Broker-Dealers
. . . # of
Mean Median # of Firms Mean Median .
Firms
Revenue ($ millions) 848.35 3.25 151 495332  176.15 25
Investment Banking 97.28 0 151 57217 3073 25
Revenue ($ millions)
Brokerage Commission 154.16 1.60 151 847.06  49.80 25
Revenue ($ millions)
Other Revenue 596.90 0.43 151 353409  76.68 25

($ millions)

Panel B: Investment Banking and Commission Revenues Divided by Total Revenue, 1994-2003

Distribution of the Fraction of Total Revenue

Source of Revenue N Min 1 Median 31 Max  Mean Std.
Quart. Quart. Dev.
All broker-dealers
Investment banking fraction 972 0 0 0.004 0.136 1 0.112 0.194
Brokerage commission 972 0 0.207 0.488 0.853 1 0.506  0.341

Public broker-dealers
Investment banking fraction 227 0 0.069 0.114 0.154 0913 0.137 0.137

Brokerage commission 227 0.005 0.160 0.362 0.494 0.999 0.393 0.276




Table 1 (cont.)

Panel C: Forecast Characteristics, 1994-2003

Mean Median Sample Unit of
Size Observation
Bias in Quarterly EPS Forecasts
One-Month Period -0.00017 0.00026 54,369 Forecast
Three-Month Period -0.00039 0.00027 171,915 Forecast
Inaccuracy in Quarterly EPS Forecasts
One-Month Period 0.0037 0.0011 54,369 Forecast
Three-Month Period 0.0039 0.0011 171,915 Forecast
LTG Forecasts (%) 19.61 16 38,209 Forecast
Number of Quarterly Earnings
Forecasts
Over Prior three months 1.325 1 188,658 Analyst-
company-qtr.
Over Prior six months 1.740 1 239,102 Analyst-
company-qtr.
Forecast Age (# of days)
One-Month Period 14.001 14 59,699 Forecast
Three-Month Period 45.89 52 188,664 Forecast
Panel D: Analyst Characteristics, 1994-2003
Mean Median Sample Unit of
Size Observation
Company-specific forecasting 2.25 1.11 87,244 Analyst-
experience (years) company-year
General forecasting experience (years) 4.32 2.97 9,387 Analyst-year
Number of analysts employed by firm 76.55 61 9,387 Analyst-year
Number of companies covered 10.19 9 9,387 Analyst-year
Number of 4-digit I/B/E/S SIG industry 2.39 2 9,378 Analyst-year

groups covered




Table 2
Forecast Accuracy of Analysts Employed by Firms with Versus without Significant Investment

Banking or Brokerage Business

This table presents univariate comparisons of quarterly EPS forecast inaccuracy between different groups of analysts classified according to whether their
employer has significant investment banking or brokerage business. Panel A (B) presents results for forecasts made within one (three) month(s) of quarter-end.
Forecast inaccuracy is computed as the absolute value of (actual EPS — forecast EPS) divided by the stock price measured 12 months before quarter end.
Forecasts are drawn from the January 1994-June 2003 period. A broker-dealer is defined to have significant (insignificant) investment banking business in a
given calendar year if its investment banking revenue as a percentage of its total revenue is in the top (bottom) quartile among all broker-dealers in the sample.
Significant or insignificant brokerage business is defined similarly based on commission revenue as a percentage of total revenue. Comparisons are conducted at
the level of the company-year-quarter unit. For each publicly-traded company in the I/B/E/S U.S. detail history file for which adequate data are available,
forecast errors are averaged for each different type of broker-dealer firm; these averages are then compared using matched-pair t-tests for differences in means
and Wilcoxon signed-rank tests for differences in distributions. N corresponds to the number of matched pairs. Only the latest forecasts made by individual
analysts over the relevant forecast period are used. Revenue data are obtained from x-17a-5 or 10-k filings with the U.S. Securities and Exchange Commission.
Forecasts are matched with annual broker-dealer financial data corresponding to the latest fiscal year preceding the date of the forecast.

A. One-month Forecast Period B. Three-month Forecast Period
Type of Firm
N Mean Median N Mean Median
1. Firms with no significant IB business 3683 0.0029 0.0010 16789 0.0032 0.0010
2. Firms with significant IB business 3683 0.0028 0.0010 16789 0.0031 0.0010
p-value of t-test/signed-rank test (1 vs. 2) 0.433 0.059 0.132 0.160
3. Firms with no significant brokerage business 3370 0.0026 0.0009 13982 0.0029 0.0009
4. Firms with significant brokerage business 3370 0.0029 0.0010 13982 0.0031 0.0010
p-value of t-test/signed-rank test (3 vs. 4) 0.006 0.000 0.000 0.000
5. Firms with no significant IB and no significant 998 0.0025 0.00078 4161 0.0024 0.0008
brokerage business
6. Firms with significant brokerage but with no 998 0.0029 0.00082 4161 0.0028 0.0008
significant IB business
p-value of t-test/signed-rank test (5 vs. 6) 0.056 0.025 0.002 0.000
7. Firms with no significant IB and no significant 549 0.0026 0.00073 2837 0.0025 0.00082
brokerage business
8. Firms with significant IB but no significant 549 0.0027 0.00073 2837 0.0023 0.00076

brokerage business
p-value of t-test/signed-rank test (7 vs. 8) 0.818 0.581 0.024 0.084




Table 3

Panel Regression Analysis of Quarterly Earnings Forecast Accuracy

This table reports coefficients from regressions explaining errors in individual analysts’ quarterly EPS forecasts
made over the January 1994-June 2003 period. Panel A (B) presents results for forecasts made within one (three)
month(s) of quarter-end. Only company quarters ending in March, June, September, or December are included.
Forecast and reported numbers are based on primary EPS. Forecast error is computed as |reported EPS — forecast
EPS| divided by the stock price twelve months before quarter-end. For each forecast period, only the latest forecast
made by an analyst is included. The regressions in (1) are pooled OLS regression estimates using White’s correction
for heteroskedasticity. The pooled OLS regressions include industry and calendar-quarter dummies (not reported).
(2) reports average coefficients obtained from Fama-MacBeth (1973) regressions performed on individual calendar
quarters over the sample period. Each regression includes unreported industry dummies. In the fixed-effects
regressions in (3), company-year-quarter effects are treated as fixed. Revenue data are obtained from x-17a-5 or 10-
K filings with the U.S. Securities and Exchange Commission. Each forecast issued by an analyst is matched with
broker-dealer revenue data corresponding to the latest fiscal year preceding the date of the forecast. Forecast age is
measured as the number of days between the report date and the forecast date. Company-specific and general
forecasting experience are measured as the number of years since an analyst first began issuing I/B/E/S EPS
forecasts on a particular company or in general. The number of analysts employed by a firm, the number of
companies covered by an analyst, and the number of industry groups covered by an analyst are measured over the
calendar year of the earnings forecast. Industry groupings are based on I/B/E/S 4-digit S/I/G codes. Company
market capitalization is measured in millions of dollars one year prior to quarter-end. The public brokerage dummy
equals unity if a broker-dealer is traded on NYSE, AMEX, or Nasdaq and equals zero otherwise. T-statistics for
coefficient estimates are in parentheses.

Pooled Fama- Company-Quarter
OLS MacBeth Fixed Effects
(1 () 3)
Panel A: One-Month Forecast Period
Constant -0.0083 -0.0083 -0.0040 -0.0049 0.0030 0.0030
(-6.99)* (-6.99)* (-2.25)° (-2.44)° (8.82) (8.82)
Investment banking revenue -0.0009 -0.00089 -0.0015 0.0012 -0.00020 -0.00020
as fraction of total revenue (-0.67) (-0.66) (-1.10) (0.52) (-0.52) (-0.52)
Commission revenue 0.00036 0.00036 0.00076 -0.00018 0.00014 0.00014
as fraction of total revenue (0.76) (0.75) (1.82) (-0.33) (0.69) (0.70)
Forecast age 0.00009 0.00009 0.00009 0.0001 0.00003 0.00003
(9.15)" 9.16) (8.07)" (8.02)° (7.18)" (7.18)"
Ln (1+Number of analysts 0.00015 0.00011 0.0002 0.00015 -0.00012 -0.00013
employed by brokerage) (1.5D) (0.89) (2.00)° (1.19) (-2.41)° (-2.19)°
Company-specific forecasting 0.1799 0.1804 0.1750 0.1750 -0.0250 -0.0248
experience * 107 (6.31)° (6.31) (5.14)° (5.23)* (-1.81) (-1.81)
General forecasting -0.0552 -0.0558 -0.0276 -0.02667 0.034 0.0341
experience * 107 (227 (-2.28) (-1.36) (-1.34) (3.27)° (3.27)"
Number of companies 0.00075 0.00067 0.0075 0.0086 -0.0041 -0.0041
followed * 107 (-0.07) (-0.06) 0.51) (0.58) (-0.82) (-0.83)
Number of industry groups 0.0526 0.0538 -0.0222 -0.0272 -0.0421 -0.0416
followed * 107 (0.81) (0.83) (-0.29) (-0.36) (-1.47) (-1.46)
Ln (Market capitalization of -0.00127  -0.00127 -0.0013 -0.0013
company) (-18.71)*  (-18.63)" (-14.54)* (-14.57)*
Public broker-dealer dummy 0.00018 0.0016 0.00003
(0.59) (2.25)° (0.25)
Number of Observations 45374 45374 45267 45267 45374 45374
Number of Groups 27704 27704
Model P-value 0.0000 0.0000 0.0000 0.0000

R 0.036 0.035 0.002 0.002 0.0043 0.0043




Table 3 (cont.)

Panel B: Three-Month Forecast Period

Constant -0.0039 -0.0038 -0.0018 -0.0029 0.0031 0.0031
(-6.38)" (-6.38)" (-1.78) (-2.64)* (20.21)* (20.19)°
Investment banking revenue -0.00015  -0.00015 -0.0013 0.0004 -0.00009 -0.0001
as fraction of total revenue (-027) (-028) (-1.28) (0.26) (-0:53) (-0.33)
Commission revenue 0.00019 0.00019 0.0005 0.00017 0.00004 0.00004
as fraction of total revenue (0.73) (0.74) (0.90) (0.66) (0.37) (0.38)
Forecast age 0.00003 0.00003 0.00003 0.00003 0.00002 0.00002
(11.61)* (11.61)* (7.73)? (7.64) (25.87)* (25.87)°
Ln (1+Number of analysts 0.00017 0.00013 0.00015 0.00006 -0.00011 -0.00011
employed by brokerage) (2.93)* (1.98)° (2.30)° (0.79) (-4.41)* (-3.91)
Company-specific forecasting 0.1392 0.1397 0.1551 0.00015 -0.0153 -0.0155
experience * 107 (5.86) (5.85)° (6.06) (6.04) (-2.13)° (-2.12)°
General forecasting -0.0021 -0.0026 0.00053 0.00039 0.0109 0.0109
experience * 10 (-0.12) (-0.15) (0.04) (0.03) (2.08)° (2.07)°
Number of companies -0.0315 -0.0315 -0.0203 -0.0194 -0.00146 -0.00147
followed * 107 (-5.40)* (-5.40)* (-2.06)° (-1.97)° (-0.59) (-0.59)
Number of industry groups 0.0607 0.0617 0.0228 0.0198 -0.0193 -0.0191
followed * 10 (1.67) (1.71) (0.46) (0.39) (-1.33) (-1.32)
Ln (Market capitalization of -0.0015 -0.0015 -0.0014 -0.0014
company) (-32.69)*  (-32.67)* (-20.39)* (-20.44)*
Public broker-dealer dummy 0.00014 0.0014 0.00002
(0.80) (3.02)* (0.30)
Number of Observations 143477 143477 143318 143318 143477 143477
Number of Groups 61996 61996
Model P-value 0.0000 0.0000 0.0000 0.0000
R’ 0.026 0.026 0.001 0.001 0.009 0.009

“® denote statistical significance in two-tailed tests at the 1% and 5% levels, respectively.



Table 4
Forecast Bias of Analysts Employed by Firms with Versus without Significant Investment

Banking or Brokerage Business

This table presents univariate comparisons of quarterly EPS forecast bias between different groups of analysts classified according to whether their employer
has significant investment banking or brokerage business. Panel A (B) presents results for forecasts made within one (three) month(s) of quarter-end. Forecast
bias is measured as (reported EPS — forecast EPS) divided by the stock price measured twelve months before quarter end. Forecasts are drawn from the
January 1994-June 2003 period. A broker-dealer is defined to have significant (insignificant) investment banking business in a given calendar year if its
investment banking revenue as a percentage of its total revenue is in the top (bottom) quartile among all broker-dealers in the sample. Significant or
insignificant brokerage business is defined similarly based on commission revenue as a percentage of total revenue. Comparisons are conducted at the level of
the company-year-quarter unit. For each publicly-traded company in the I/B/E/S U.S. detail history file for which adequate data are available, forecast bias is
averaged for each different type of broker-dealer firm; these averages are then compared using matched-pair t-tests for differences in means and Wilcoxon
signed-rank tests for differences in distributions. N corresponds to the number of matched pairs. Only the latest forecasts made by individual analysts over the
relevant forecast period are used. Revenue data are obtained from x-17a-5 or 10-k filings with the U.S. Securities and Exchange Commission. Forecasts are
matched with annual broker-dealer financial data corresponding to the latest fiscal year preceding the date of the forecast.

A. One-month Forecast Period B. Three-month Forecast Period
Type of Firm
N Mean Median N Mean Median
1. Firms with no significant IB business 3683 0.00007 0.0002 16789 -5.6%10° 0.00026
2. Firms with significant IB business 3683 0.00011 0.0003 16789 0.00003 0.00029
p-value of t-test/signed-rank test (1 vs. 2) 0.747 0.028 0.493 0.0001
3. Firms with no significant brokerage business 3370 0.00003 0.00025 13982 0.00008 0.00027
4. Firms with significant brokerage business 3370 -0.00013 0.00020 13982 -0.00006 0.00025
p-value of t-test/signed-rank test (3 vs. 4) 0.138 0.0005 0.017 0.000
5. Firms with no significant IB and no significant 998 -0.0002 0.00022 4161 0.00026 0.00026
brokerage business
6. Firms with significant brokerage but with no 998 -0.0002 0.00017 4161 0.00035 0.00029
significant IB business
p-value of t-test/signed-rank test (5 vs. 6) 0.709 0.074 0.395 0.470
7. Firms with no significant IB and no significant 549 -0.00037 0.0000 2837 0.00002 0.00022
brokerage business
8. Firms with significant IB but no significant 549 -0.00044 0.0000 2837 0.00009 0.00025

brokerage business
p-value of t-test/signed-rank test (7 vs. 8) 0.620 0.934 0.447 0.008




Table 5

Panel Regression Analysis of Quarterly Earnings Forecast Bias

This table shows coefficient estimates from regressions explaining the degree of bias in individual analysts’
quarterly EPS forecasts made over the January 1994-June 2003 period. Panel A (B) presents results for forecasts
made within one (three) month(s) of quarter-end. Only company quarters ending in March, June, September, or
December are included. Forecast and reported numbers are based on primary EPS. Forecast bias is computed as
(reported EPS — forecast EPS) divided by the stock price twelve months before quarter-end. The sample includes
only the latest forecast made by an analyst for a company during a given forecast period. Columns (1) show results
of pooled OLS regressions that include industry and calendar-quarter dummies (not reported) and t-statistics using
White’s correction for heteroskedasticity. Columns (2) report average coefficient estimates from Fama-MacBeth
(1973) regressions that include unreported industry dummies, performed on individual calendar quarters over the
sample period. In the fixed-effects regressions in (3), company-year-quarter effects are treated as fixed. Revenue
data are obtained from x-17a-5 or 10-K filings with the SEC. Each forecast issued by an analyst is matched with
broker-dealer revenue data corresponding to the latest fiscal year preceding the date of the forecast. Forecast age is
measured as the number of days between the report date and the forecast date. Company-specific and general
forecasting experience are (continuous) measures of the number of years since an analyst first began issuing I/B/E/S
EPS forecasts on a particular company or in general. The number of analysts employed by a firm, the number of
companies covered by an analyst, and the number of industry groups covered by an analyst are measured over the
calendar year of the earnings forecast. Industry groupings are based on I/B/E/S 4-digit S/I/G codes. Company
market capitalization is measured in millions of dollars one year prior to quarter-end. The public brokerage dummy
equals one if a broker-dealer firm is publicly traded on NYSE, AMEX, or Nasdaq and equals zero otherwise. T-
statistics for coefficient estimates are shown in parentheses.

Pooled Fama- Company-Quarter
OLS MacBeth Fixed Effects
(1) (2) 3)
Panel A: One-Month Forecast Period
Constant 0.0045 0.0045 0.0050 0.0048 0.00086 0.00085
(3.55) (3.54)° (2.79) (2.59) (2.29)° 227"
Investment banking revenue 0.00088 0.00087 -0.00027 0.00026 0.00019 0.00019
as fraction of total revenue (0.64) (0.63) (-0.16) (0.14) 0.47)) 0.47)
Commission revenue -0.00017  -0.00016 -0.00097 -0.0006 -0.00019 -0.0002
as fraction of total revenue (-0.34) (-0.32) (-1.71) (-1.09) (-0.88) (-0.92)
Forecast age -0.00006  -0.00006 -0.00006 -0.00006 -0.00003 -0.00003
(-5.67"  (-5.68)" (-4.52)" (-4.51)° (-5.76)" (-5.78)"
Ln (1 + Number of analysts 0.00015 0.00023 0.00009 0.00025 0.00006 0.00009
employed by brokerage) (1.49) (1.93) (0.65) (1.52) (1.16) (1.48)
Company-specific forecasting -0.1149 -0.1158 -0.1193 -0.1187 -0.0073 -0.0075
experience * 107 (-3.86)" (-3.89)* (-3.18)* (-3.18)* (-0.49) (-0.49)
General forecasting 0.0448 0.0458 0.0391 0.0381 0.026 0.0262
experience * 107 (1.76) (1.80) (1.49) (1.48) 227)° (2.28)°
Number of companies -0.0125 -0.0126 -0.0211 -0.0219 -0.0038 -0.0037
followed * 107 (-1.10) (-1.11) (-1.37) (-1.46) (-0.70) (-0.68)
Number of industry groups -0.060 -0.0621 -0.0492 -0.0474 -0.0737 -0.0754
followed * 107 (-0.90) (-0.93) (-0.67) (-0.65) (-2.34)° (-2.39)°
Ln (Market capitalization of 0.00024 0.00024 0.00028 0.00028
company) (3.48)" (3.48)" (3.72)" 3.71)°
Public broker-dealer dummy -0.0003 -0.00026 -0.00013
(-0.97) (-0.79) (-0.95)
Number of Observations 45374 45374 45267 45267 45374 45374
Number of Groups 27704 27704
Model P-value 0.0000 0.0000 0.0000 0.0000

R 0.008 0.008 0.001 0.001 0.003 0.003




Table S (cont.)

Panel B: Three-Month Forecast Period

Constant 0.0025 0.0025 0.0021 0.0030 0.0002 0.0002
(3.87)" (3.86)" (2.63)" (3.28)" (1.19) (1.22)

Investment banking revenue -0.00066  -0.00065 -0.0050 -0.0065 0.00016 0.00016
as fraction of total revenue (-1.18) (-1.17) (-1.08) (-1.48) (0.78) (0.78)
Commission revenue -0.00012  -0.00012 -0.00054 -0.00024 0.00002 0.00003
as fraction of total revenue (-0.43) (-0.44) (-1.13) (-0.75) 0.21) (0.24)

Forecast age -0.00003  -0.00003 -0.00003 -0.00003 -0.00001 -0.00001

(-9.39)° (-9.39) (-6.04) (-6.01) (-14.88)* (-14.89)

Ln (1+Number of analysts 0.00014 0.00017 0.00036 0.00042 0.00009 0.00008
employed by brokerage) (2.33)° (2.39)° (2.31)° (2.26)° (3.36)" (2.55)°
Company-specific forecasting -0.0606 -0.0610 -0.0778 -0.0769 0.012 0.0121
experience * 10 (2.50)°  (-2.50)° (-3.47) (-3.42) (1.47) (1.49)
General forecasting -0.0126 -0.0122 -0.0100 -0.0097 0.00343 0.0034
experience * 107 (-0.73) (-0.70) (-0.70) (-0.67) (0.59) (0.58)
Number of companies 0.0245 0.0245 0.0129 0.0121 -0.0019 -0.0195
followed * 10 (4.07)* (4.08) (1.36) 1.27) (-0.69) (-0.70)
Number of industry groups -0.0920 -0.0928 -0.0808 -0.0779 -0.0414 -0.041
followed * 107 (-2.46)° (-2.49)° (-1.62) (-1.56) (-2.55)° (-2.53)°

Ln (Market capitalization of 0.00035 0.00035 0.00043 0.00043
company) (7.68)* (7.68)* (5.99)* (6.01)*

Public broker-dealer dummy -0.00011 -0.0011 -0.00004
(-0.61) (-2.72)* (0.58)

Number of Observations 143477 143477 143318 143318 143477 143477
Model P-value 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
R 0.005 0.005 0.001 0.001 0.003 0.003

> denote statistical significance in two-tailed tests at the 1% and 5% levels, respectively.



Table 6
Long-term Earnings Growth (LTG) Forecasts of Analysts Employed by Firms with Versus

without Significant Investment Banking or Brokerage Business

Univariate comparisons of long-term (3 to 5 years) growth forecasts between different groups of analysts classified according to whether their
employer has significant investment banking or brokerage business. The sample period is from January 1994 through June 2003. A broker-
dealer is defined to have significant (insignificant) investment banking business in a given calendar year if its investment banking revenue as a
percentage of its total revenue is in the top (bottom) quartile among all broker-dealers in the sample. Significant or insignificant brokerage
business is defined similarly based on commission revenue as a percentage of total revenue. Comparisons are conducted at the level of the
company-year-quarter unit. For each publicly-traded company in the I/B/E/S U.S. detail history file for which adequate data are available, LTG
forecast levels are averaged for each different type of broker-dealer firm; these averages are then compared using matched-pairs t-tests for
differences in means and Wilcoxon signed-rank tests for differences in distributions. N corresponds to the number of matched pairs. Only the
latest company forecast made by an individual analyst over the appropriate quarter (March, June, September, or December) is used. Revenue
data are obtained from x-17a-5 or 10-k filings with the U.S. Securities and Exchange Commission. Forecasts are matched with annual broker-
dealer financial data corresponding to the latest fiscal year preceding the date of the forecast.

Type of Firm N Mean Median
1. Firms with no significant IB business 1508 20.74 17.88
2. Firms with significant IB business 1508 19.83 17.5
p-value of t-test/signed-rank test (1 vs. 2) 0.002 0.112
3. Firms with no significant brokerage business 1578 18.58 15.9
4. Firms with significant brokerage business 1578 19.73 17
p-value of t-test/signed-rank test (3 vs. 4) 0.000 0.000
5. Firms with no significant IB and no significant brokerage business 246 16.58 15
6. Firms with significant brokerage but with no significant IB business 246 17.83 15
p-value of t-test/signed-rank test (5 vs. 6) 0.014 0.001
7. Firms with no significant IB and no significant brokerage business 52 19.40 20
8. Firms with significant IB but no significant brokerage business 52 21.66 20

p-value of t-test/signed-rank test (7 vs. 8) 0.033 0.016




Table 7
Analysis of Long-Term Earnings Growth Forecasts

This table reports coefficients from regressions explaining the level of long-term earnings growth (LTG)
forecasts made over the January 1994-June 2003 period. The sample period is partitioned into calendar
quarters ending March, June, September and December. The sample includes only the latest forecast made
in a quarter by an analyst for a company. The Fama-MacBeth regressions include unreported industry
dummies. In the fixed-effects regressions, company-year-quarter effects are treated as fixed. Revenue data
are obtained from x-17a-5 or 10-K filings with the U.S. Securities and Exchange Commission. Each
forecasting period is matched with broker-dealer revenue data corresponding to the latest fiscal year
preceding the date of the forecast. Company-specific and general forecasting experience are measured as
the number of years since an analyst first began issuing I/B/E/S EPS forecasts on a particular company or
in general. The number of analysts employed by a firm, the number of companies covered by an analyst,
and the number of industry groups covered by an analyst are measured over the calendar year of the
earnings forecast. Industry groupings are based on I/B/E/S 4-digit S/I/G codes. Company market
capitalization is measured in millions of dollars one year prior to quarter-end. The public brokerage dummy
equals unity if a broker-dealer is traded on NYSE, AMEX, or Nasdaq and equals zero otherwise. T-
statistics for coefficient estimates are in parentheses.

Fama- Company-Quarter
MacBeth Fixed Effects
1 )

Constant 20.17 17.33 21.54 21.58
(3.16)° 237 (28.87)* (28.64)"

Investment banking revenue as 3.53 8.86 0.151 0.158
fraction of total revenue (0.29) (0.61) (0.14) (0.15)

Commission revenue 6.68 -2.16 1.27 1.257
as fraction of total revenue (0.64) (-0.68) (2.39)° (2.37)°

Ln (1+Number of analysts -0.498 -0.22 -0.516 -0.543
employed by brokerage) (-0.65) (-0.27) (-3.61) (-3.28)*

Company-specific forecasting -0.649 -0.65 0.026 0.026
experience (-17.03)* (-16.90)* (0.78) (0.79)
General forecasting experience -0.003 -0.005 -0.005 -0.005
(-0.08) (-0.15) (-0.26) (-0.27)

Number of companies followed -0.032 -0.034 -0.007 -0.007
(-2.05)° (=2.11)° (-0.73) (-0.74)

Number of industry groups 0.185 0.185 0.035 0.035
followed (3.03)* (2.97)* (0.54) (0.54)

Public broker-dealer dummy 3.459 0.090
(1.05) (0.32)

Number of Observations 35258 35258 35319 35319
Number of Groups 26870 26870

R? 0.008 0.008 0.007 0.007

** denote statistical significance in 2-tailed tests at the 1% and 5% levels, respectively.



Table 8

Analysis of Quarterly Earnings Forecast Frequency

The sample consists of quarterly EPS forecasts made over the January 1994-June 2003 period. Company quarters
not ending March, June, September, or December are excluded from the analysis. The dependent variable in the
OLS and Poisson regressions in (1) and (3) is the number of EPS forecasts issued by an individual analyst on a given
company during the three months preceding the end of the quarter. The dependent variable in the logistic regressions
in (2) is an indicator variable equal to unity if an analyst issued more than one forecast during the three-month
forecasting period and equal to zero otherwise. Regressions are performed on the pooled sample of observations and
include unreported industry and calendar-quarter dummies. Revenue data from x-17a-5 or 10-K filings with the U.S.
Securities and Exchange Commission are used to construct a variable measuring the potential degree of analysts’
conflict of interest. Each forecast period is matched with broker-dealer revenue data corresponding to the latest
fiscal year preceding the forecast period. Company-specific and general forecasting experience are measured as the
number of years since an analyst first began issuing EPS forecasts through I/B/E/S on a particular company or in
general. The number of analysts employed by a firm, the number of companies covered by an analyst, and the
number of industry groups covered by an analyst are measured over the calendar year of the earnings forecast.
Industry groupings are based on I/B/E/S 4-digit S/I/G codes. Company market capitalization is measured in millions
of dollars one year prior to quarter-end. The public brokerage dummy equals unity if a broker-dealer is traded on
NYSE, AMEX, or Nasdaq and equals zero otherwise. Heteroskedasticity-consistent t-statistics and z-statistics are in
parentheses.

OLS Logistic Poisson
Specification Specification Specification
©)) 2 A3)

Constant 1.4321 1.4324 -0.9397 -2.2965 0.3521 0.0784
(17.29)* (17.29)* (-3.38)° (-6.37)* (5.94) (1.32)

Commission revenue 0.0606 0.0607 0.2008 0.1995 0.0465 0.0467
as fraction of total revenue (6.75)* 6.77)* (5.49)* (5.46)" (6.81)* (6.84)"
Ln (1+Number of analysts 0.0140 0.0121 0.0838 0.0895 0.0114 0.0101
employed by brokerage) (6.67) (4.79)* (9.56) (8.56)* (7.11)* (5.27)°
Company-specific forecasting 0.0088 0.0088 0.0265 0.0265 0.0062 0.0062
experience (12.51)* (12.53)* (10.75)* (10.71)* (12.12)* (12.14)
General forecasting -0.0015 -0.0016 -0.0049 -0.0049 -0.0011 -0.0011
experience (-3.24)* (-3.29)* (-2.63)* (-2.59)* (-3.16)* (-3.20)*
Number of companies 0.0011 0.0011 0.0042 0.0042 0.0009 0.0009
followed (6.39)* (6.39) (5.70)* (5.70)* (6.64) (6.64)
Number of industry groups -0.0080 -0.0079 -0.0268 -0.0270 -0.0060 -0.0059
followed (791"  (-7.86) (-6.26) (-6.30) (-7.74)* (-7.69)*
Ln (Market capitalization of 0.0291 0.0291 0.1071 0.1072 0.0222 0.0221
company) (30.67)* (30.65)* (28.75)* (28.76)* (31.15)° (31.12)*
Public broker-dealer dummy 0.0077 -0.0230 0.0052
(1.46) (-1.00) (1.27)

Number of Observations 143474 143474 143474 143474 143474 143474
Model P-value 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000

R’ 0.067 0.067 0.045 0.045 0.008 0.008

*® denote statistical significance in 2-tailed tests at the 1% and 5% levels, respectively.



Table A.1: Firms Employing Most Analysts for Fiscal Years Ending in 2002

Panel A: Largest Analyst Employers with No IB Business

Firm name Number of | Total revenue Commission revenue
analysts ($ millions) ($ millions)
Adams, Harkness 23 61.78 63.84
& Hill, Inc.
BB&T Capital 21 52.31 9.01

Markets

SWS Securities 17 22.78 22.42

Buckingham 17 28.69 27.23
Research

Panel B: Largest Analyst Employers with No Commission Revenue

Firm name Number of | Total revenue IB revenue
analysts ($ millions) ($ millions)
Paradigm Capital, 8 0.0017 0
Inc.
Hudson River 1 0.0014 0
Analytics, Inc.

Panel C: Largest Analyst Employers

Firm name Number Total revenue IB revenue Commission
of analysts ($ millions) ($ millions) | revenue ($m)

Merrill Lynch & Co., Inc. 231 18,608 2,413 4,657
Morgan Stanley, Dean 199 32,415 2,527 3,280
Witter & Co.
Salomon Smith Barney 139 21,250 3,420 3,845
Holdings, Inc.
Goldman Sachs & Co. 133 22,854 2,572 4,950
Bear Stearns & Co. 122 6,891 833 1,110






